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Abstract

Background and Objectives: Study recruitment and retention of older adults in research studies is a major challenge.
Enhancing understanding of individual differences in motivations to participate, and predictors of motivators, can serve
the dual aims of facilitating the recruitment and retention of older adults, benefiting study validity, economy, and power.
Research Design and Methods: Older adults (N = 472) past and potential participants were surveyed about motivations
to participate in research, demographic, and individual difference measures (e.g., health status, cognitive difficulties).
Latent class and clustering analyses explored motivation typologies, followed by regression models predicting individual
motivators and typologies.

Results: Older adults endorsed a diversity of research motivations, some of which could be predicted by individual difference
measures (e.g., older participants were more motivated by the desire to learn new technology, participants without a college
education were more motivated by financial compensation, and participants with greater self-reported cognitive problems
were more likely to participate to gain cognitive benefit). Clustering analysis revealed 4 motivation typologies: brain health
advocates, research helpers, fun seekers, and multiple motivation enthusiasts. Cognitive difficulties, age, employment status,
and previous participation predicted membership in these categories.

Discussion and Implications: Results provide an understanding of different participant motivations beyond differences
between younger and older adults and begin to identify different classes of older adults motivated to participate in research
studies. Results can provide guidance for targeted recruitment and retention strategies based on individual differences in
stated or predicted motivations.
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The implementation of strategies for the successful recruit-
ment of older adults into research studies has increased
in importance due to recently revised expectations that
all National Institutes of Health (NIH)-funded human
research must include older adult participants unless
there are scientific or ethical reasons for their exclusion
(Revision: NIH Policy and Guidelines on the Inclusion of
Individuals Across the Lifespan as Participants in Research
Involving Human Subjects, 2017). NIH has dedicated sig-
nificant resources to identifying strategies for scholars to
recruit older adult volunteers, particularly for intervention
studies (Recruiting Older Adults into Research [ROAR]
Toolkit, n.d.). However, challenges in recruiting older adult
research volunteers continue to provide significant barriers
to advancing aging research.

Toolkits have been developed for use by scholars seeking
to involve older adults in research, with strategic language
for recruitment flyers and suggestions for the development
of trusting relationships with community partners serving
older adults (Encouraging Older Adults to Participate in
Research, 2014). These strategies acknowledge differences
in recruitment approaches needed for older adults relative
to younger adults. For instance, older adults are typically
more motivated to engage in emotionally meaningful ac-
tivities, particularly those that facilitate feelings of al-
truism (e.g., Carstensen & Hershfield, 2021; Carstensen
et al., 1999; Sparrow et al., 2021). However, there is little
information about variations among older adult research
volunteers. While the average older adult is likely to be
motivated to participate in research if they feel their par-
ticipation benefits others, for some older adults, altruistic
motivations may be insufficient, or participation may only
occur if they believe they will experience immediate and
personal payoffs. That is, there could be multiple factors
that shape decisions about whether an older adult is inter-
ested in participating in a research study that go beyond
general differences relative to younger research volunteers.

A better understanding of variations among older adults
and individual difference predictors of motivations for par-
ticipation can help enhance the ability of researchers to
develop targeted approaches to facilitate recruitment, re-
tention, and intervention adherence. A major reason for
the failure of many clinical trials is an inability to meet re-
cruitment goals, and meeting recruitment goals can incur
substantial unexpected trial costs due to unanticipated
recruitment challenges (Fogel, 2018). Further, the cost of
nonadherence in clinical trials, in terms of threats to validity
and statistical power, can be substantial, and adherence-
enhancing strategies need to be explored (Robiner, 2005).
Understanding motivations to participate can play a key
role in shaping such strategies. Better insights into what
initially draws older adults to participate might be used
to tailor motivational messaging to improve long-term en-
gagement and study adherence.

The purpose of the current study is to evaluate how
different motivations and combinations of motivations

relate to older adults’ willingness to participate in research.
Specifically, this study draws on a community-based study
of older adults who agreed to be included in a partici-
pant registry at a research university located in a midsize
city. Some of the individuals on the registry list already
participated in at least one study, while others had not
yet participated in any research studies. Both groups were
surveyed to determine what factors motivated them/would
motivate them to participate in a research study. Our study
was designed to: (a) evaluate factors associated with each
given type of motivation; (b) identify clusters of older adult
research participants based on the variety of motivations
that shaped their willingness to participate in research
studies; and (c) evaluate the factors that differentially pre-
dict selection into each cluster. We also considered the
role of previous participation status on these associations.
Based on our findings, we provide suggestions for recruit-
ment and retention strategies that may be integrated along-
side other toolkits.

Background and Objectives

One of the most well-established theories explaining age-
based changes in motivation is socioemotional selectivity
theory (SST; Carstensen, 1992a; Carstensen & Mikels,
2005). A robust body of evidence in support of SST shows
that, as our perceived time remaining in our lives grows
shorter (i.e., our time horizons shorten), we become more
strategic about how we use our time and attentional assets
(Blanchard-Fields, 2007; Carstensen, 1993; Gross et al.,
1997; Lockenhoff & Carstensen, 2004; Urry & Gross,
2010). Specifically, SST argues that in later life, we are more
likely to engage in activities and interact with others if the
activities are emotionally meaningful. Scholars have argued
that one reason individuals develop an increased drive to
give back to society and leave a legacy for future generations
as we age is related to SST. That is, older adults, relative
to their younger counterparts, are motivated to participate
in activities that support future generations and relatively
less likely to seek out activities that focus on learning new
things or engaging in activities that only provide benefits
in the future. For example, previous research evaluating
motivations to volunteer found the underlying motivations
driving older adults focused more heavily on factors that
shaped generative outcomes such as the well-being of
the community and future generations, whereas younger
adults indicated higher motivations related to factors that
personally affected their own future well-being (Yamashita
et al.,, 2019). Therefore, when it comes to participation
in research, altruistic motivations have been argued to be
a key factor shaping older adults’ decisions to volunteer
(Newburg et al., 1992; Souder, 1992).

However, it is important to recognize the diversity of
the older adult population and that some older adults may
not be motivated primarily or exclusively by opportunities
to be altruistic. Rather, some older individuals seek out
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activities that provide more immediate gratification or al-
ternatively, provide benefits to themselves over time or in
the future. They may wish to learn something new or learn
something about themselves, including their health or cog-
nitive status (Ryan & Campbell, 2021; Tolmie et al., 2004).
For disease-focused trials, some may participate in the hope
for an effective treatment. Or, older adult participants may
engage in a form of temporal discounting—for example,
engaging in an intervention now in the hopes of obtaining
some future benefit to themselves (e.g., Harrell et al.,
2019; Toril et al., 2014). A review of the motivations of
healthy volunteers in general found that although mone-
tary compensation was a key motivator, compensation by
itself was never sufficient (Stunkel & Grady, 2011). Other
considerations may play key roles, including study risk and
time commitment (Grady et al., 2017). It is likely that there
are a number of motivational forces at play within and be-
tween older participants, and it is important to explore the
breadth of these forces and whether specific motivations
might be predicted as a function of participant characteris-
tics that can be easily measured, such as age, gender, race,
and age. This knowledge might help inform recruitment-,
retention-, and adherence-supporting strategies.

Current Study

Based on SST and temporal discounting theory, we
evaluated seven different motivations for participation in
aging research that relate to: (a) values/altruism; (b) per-
sonal growth/improvement; or (c) immediate gratification.
We evaluated each individual motivation, as well as the
ways in which more than one motivation may collectively
influence research participation in older adults. The study
sought to answer three primary research questions:

1. What factors predict identification of altruistic-, personal
growth/improvement-, or immediate gratification-related
motivations for potential participation in research?

a. How does previous research participation status
differentially shape identification of individual
motivations?

2. How does selection of different types of motivations
cluster together to identify types of potential older adult
research participants?

a. What factors differentiate research motivation
clusters?

b. How does previous research participation status dif-
ferentially shape selection into particular clusters?

Research Design and Methods

Data and Sample

Data are drawn from a community-based sample of adults
age 60+. Under the initiative of the Institute for Successful
Longevity (ISL), older individuals in Leon County, Florida

were initially contacted (through mailings, advertisements,
and social media) and agreed to join a registry for potential
participation in aging-related research. Individuals were
invited to “help Florida State University researchers conduct
studies on aging” and were told they would be contacted
by researchers with the choice of volunteering or not for all
studies, including a range of projects from surveys to longi-
tudinal studies that might last as long as a year. They were
told that some studies would provide payment and others
would not. Registry was voluntary, and individuals were
under no obligation to participate in any study. Registry
participants were invited via e-mail to participate in a short
survey which was administered using Qualtrics in May and
June of 2020. Participants who completed the survey were
compensated with entry into a $50 raffle drawing. At the
time of the survey, some of individuals in the sample had
participated in previous research related to their involve-
ment in the registry and others had never participated in
a research study through the registry. The survey consisted
of questions asking participants about their motivations
for participating in research, as well as questions related
to their demographic characteristics. Participants were
informed that the results they provided would help to in-
form the recruitment and retention of older adults in an
upcoming cognitive intervention study, though the survey
itself was framed in terms of general motivation to partici-
pate in ISL studies.

Measures

Motivation measures
Respondents were asked to identify all motivations from a
list (i.e., choose all that apply) regarding their motivation to
participate in research studies. If participants had previously
completed a study through the registry, their motivations
were in reference to past experiments. Specifically, they
were asked: “Which of the following options best describes
your motivation(s) to participate in your most recent ISL
study?” If they had not yet participated in any studies
through the registry, their motivations were in reference
to future, hypothetical experiments. Specifically, they
were asked: “Which of the following options would be
your strongest motivation(s) to participate in a future ISL
study?” In both questions, options provided included: (a)
to improve my mind; (b) to improve my health; (c) to learn
to use technology better; (d) for fun; (e) to aid research;
(f) to try something new; and (g) for compensation. They
were also given the option to fill in the blank with an op-
tion otherwise not provided. Potential motivations were
developed through multiple meetings of researchers with
expertise in psychology, sociology, medical research, and
gerontology. As this study was conducted in preparation
for a technology-based cognitive intervention study, choice
of motivations was shaped by the parameters of that study.
All items were dichotomized indicating whether an indi-
vidual identified a given option in relation to a hypothetical
future study or a previous study. All fill-in-the-blank options
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were excluded from this analysis. We conceptualized seven
motivations across three primary motivation categories:

o Values/Altruism: (1) To aid research

o Personal Growth/Improvement: (2) Learning tech-
nology, (3) Mind, (4) Health

o [mmediate Gratification: (5) Fun, (6) Novelty, (7)
Compensation

For our clustering analysis, an additional category of
“other” was included to account for those who included
a fill-in-the-blank category of motivations. The number of
individuals identifying an “other” category (7 = 15) was
too small to include in predictive models. This provides
support for the presented options as being inclusive of most
motivations.

Control measures
We included several statistical control measures related to
demographic characteristics and health status. Regarding
demographics, Gender was coded based on whether
individuals identified as female (1 = female, 0 = male
gender). Age was measured categorically as: (1) under
age 65; (2) age 65-69; (3) age 70-74, and (4), age 75+.
Race/Ethnicity was measured based on two questions.
First, individuals were asked about their race, and second
individuals were asked about their ethnicity. Those who in-
dicated being White or Other Race (and not Hispanic) were
coded “1” and Black individuals (and not Hispanic) were
coded “2.” Those who identified as Hispanic (regardless of
racial category) were coded “3.” Employment status was
measured based on three categories: (1) Not Employed; (2)
Working Part-Time; or (3) Working Full-Time. Educational
Attainment was measured as “0” for those with a 4-year
college degree or more, and “1” for those who did not
complete a college degree. Marital status was coded “1” for
those who were single and “0” for those married.
Regarding health status, Cognitive Difficulties Score
(adapted from Strober et al., 2016) was based on the
sum of responses to three questions in which individuals
were asked how often during the previous 4 weeks they:
(1) forgot what they did the night before; (2) had trouble
concentrating on things like watching a television program
or reading a book, or (3) forgot what they talked about after
a telephone conversation. Responses included 1 = Never,
2 = Rarely, 3 = Sometimes, 4 = Often, or 5 = Almost al-
ways. The score ranged from 3 to 13 (SD = 1.97). Finally,
Subjective Health Status was based on the question:
“QOverall, would you say that your health is excellent, very
good, good, fair, or poor?” Subjective health in our anal-
ysis was measured categorically as: (1) good, fair, or poor
health; (2) very good health, or (3) excellent health.

Analytic Strategy

To address our research questions, we started by evaluating
the factors that relate to each individual research motivation

using logistic regression models. Specifically, we conducted
individual regression models for each individual motiva-
tion, calculating odds ratios (ORs) for each of our pre-
dictor measures.

Second, we conducted clustering analysis to identify how
combinations of motivations differentially shape whether
older adults are interested in volunteering as a research par-
ticipant. To identify the distinct clusters of potential older
adult volunteers, unsupervised grouping methods such as
latent class analysis and k-means clustering (k-means) can
be used. We used k-means clustering because it provides
straight forward and intuitive results. K-means initializes &
random centroids, allocates each individual to one of the k
clusters with a nearest centroid, and optimizes the positions
of the centroids and the allocation of individuals such that
the sum of the squared distance between the individuals
and the cluster’s centroid is minimized. K-means clustering
was implemented using the Python package of scikit-learn
in this study. Each individual was represented by a vector
of the motivation variables with binary values. The op-
timal number of clusters was determined using the Elbow
method by running k-means clustering across 1-10 clusters.
For each number of clusters, the Elbow method calculates
the sum of square distances from each individual to the
centroid of the assigned cluster. Informed by a line chart
plot of the sums of square distances over different number,
we identified the optimal number of clusters. The inflection
point on the line, that is, the “elbow,” indicates the number
of clusters beyond which there is no significant improve-
ment of the sum of squared distance.

Finally, we evaluated differences across the clusters. We
evaluated differences across the clusters controlling for
all factors using multinomial logistic regression models.
We identified significant differences in the characteris-
tics across the clusters by calculating relative risk ratios
(RRRs). Finally, we conducted sensitivity tests to examine
associations between previous participation status and se-
lection into particular clusters.

Results

Descriptive Results
Clustering analyses were performed on data collected from
516 individuals; however, due to missing data related to
our demographic control measures, the sample used for
all other analyses included 472 individuals. For these
individuals, motivations (located in Supplementary Table 1)
indicated by respondents in order of most to least identified
motivators included: research (88.1%), mind (44.5%), fun
(43.2%), novelty (38.1%), health (25%), compensation
(23.1%), and learning technology (18.9%). The number of
motivators identified varied, with 32.8% indicating only
one motivator, 16.5% identifying two, 17.8% identifying
three, and 13.6% identifying four motivators.

Additional characteristics of our sample are provided
in Supplementary Table 2. Nearly three-quarters (72.5%)

220z Aey Lg uo 1sanb Aq ZL191G9/5c0oeubu0Iab/SE0 L 0L /I0p/a]01e-2oueApe/isiBojojuoiab/woo dno-olwapede//:sdjy Wwoly papeojumoq


http://academic.oup.com/gerontologist/article-lookup/doi/10.1093/geront/gnac035#supplementary-data
http://academic.oup.com/gerontologist/article-lookup/doi/10.1093/geront/gnac035#supplementary-data

The Gerontologist, 2022, Vol. XX, No. XX

previously had participated in a research study. Our sample
ranged in age from 59 to 95, with 14.8% between 59 and
64 years old, 31.6% ages 65-69, 30% ages 70-74, and
23.7% ages 75 and older. The majority of the sample was
non-Hispanic White or Other Race (94.5%) with only
3.0% non-Hispanic Black and 2.5% Hispanic. The ma-
jority of the sample was not employed (79.4%), with 7.8 %
working part-time and 12.7% working full-time. Overall,
our sample was very highly educated, with only 25.8% not
holding at least a bachelor’s degree. About two thirds of
the sample was married, with 37.7% single (i.e., widowed,
divorced, or never married). Regarding health, our sample
reported a mean score of 5.1 for cognitive difficulties, and
ranked their subjective health status highly. Only 35%
ranked their health poor, fair, or good, with the majority
ranking their health as very good (47.9%) or excellent
(17.2%). The characteristics of the sample are provided in
Supplementary Table 2.

Regression Results Evaluating Individual
Research Motivations

Logistic regression models were used to predict each indi-
vidual research motivation. We report significant factors re-
lated to each of the seven motivation models (see Table 1).

First, in evaluating factors that relate to Values/Altruism,
we examined the factors predicting Research as a key mo-
tivator. Research was not associated with any specific
characteristics. That is, although it is the most common
motivation for people to mention, no specific characteris-
tics make people more or less likely to identify research as
a key motivator.

Regarding factors that relate to Personal Growth/
Improvement, we evaluated Learning Technology, Mind,
and Physical Health. Regarding Learning Technology, the
primary factors related to previous participation status,
age, education, and marital status. Specifically, those who
previously participated in research were less likely to iden-
tify learning technology as a motivator (OR = 0.476; p <
.01). In addition, those age 70-74 (OR = 2.654, p < .01)
and those 75+ (OR = 2.310, p < .05) had higher odds rel-
ative to those 59-64. In addition, those without a college
degree had more than double the odds (OR = 2.074, p <
.01) relative to those who were college educated. Finally,
those who are single had 1.67 times the odds (p < .05) rela-
tive to those married of selecting this motivator. Regarding
Mind, three factors were particularly predictive of engage-
ment in research: previous participation, age, and cognitive
health. Those who previously participated in research were
less likely to identify mind as a motivator (OR = 0.394; p <
.001). Individuals motivated in this area who were 70-74
and those 75+ had higher odds (OR = 1.803, p < .05 and
OR = 1.789, p < .05, respectively) relative to those 59-64.
In addition, each unit of increase in the cognitive challenge
score was associated with 20% higher odds of identifying
this motivator (p < .001). Regarding Physical Health, only

previous participation and marital status were key factors
predictive of this motivator. Specifically, those who previ-
ously participated in research were less likely to identify
physical health as a motivator (OR = 0.294; p < .001). In
addition, those who are single had 1.65 times the odds (p <
.05), relative to those who are married, of selecting this
motivator.

Finally, regarding Immediate Gratification, we evaluated,
Fun, Novelty, and Compensation. For Fun, not employed
individuals (OR = 0.508; p < .05) and part-time workers
had lower odds (OR = 0.33, p < .05) relative to full-time
workers. No other factors were associated with this mo-
tivator. For Novelty, no specific characteristics were asso-
ciated with identifying this motivator. For Compensation,
previous participation, race, and educational attainment
were associated with this motivator. Specifically, those who
previously participated in research were less likely to iden-
tify compensation as a motivator (OR = 0.520; p < .01).
Non-Hispanic Black individuals were more likely relative
to those non-Hispanic and White/Other to identify com-
pensation as a motivator. Finally, those without a college
degree had double the odds (OR = 2.137, p < .01) relative
to those who were college educated.

To better evaluate differences based on previous partic-
ipation status for each motivation, we calculated marginal
effects predictions related to selection of each motivation,
provided in Figure 1.

Clustering Analysis

Rather than considering just individual motivators that may
be related to participation, we considered combinations of
motivators that may shape interest in participating in aging
research. Based on the k-means clustering analysis, older
adult research volunteers in the sample can be categorized
into four clusters, namely “brain health advocates” (Cluster
1,7 =91), “research helpers” (Cluster 2,7 = 178), “multiple
enthusiasts” (Cluster 3, 7z = 80), and “fun seekers” (Cluster
4, n = 123), according to their selected motivations (see
Supplementary Table 1).

The brain bealth advocates are characterized by their
expectation of improving mind and health by participating
in research. The majority of brain health advocates
identified 2-5 motivations with all of them including
mind improvement as a motivation. This group can be
characterized by having the highest proportion non-White
(7.7%), the highest proportion not employed, the highest
cognitive difficulties score, and the highest proportion with
low levels of subjective health.

The research helpers are motivated by their interest in
aiding research. The majority of research helpers identified
only one or two motivations with nearly all of them
identifying aiding research as their only motivation. This
group is characterized by having the highest proportion age
65-69, and the lowest proportion single (32.6%), and they
also have the lowest cognitive difficulties score (4.781).
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Figure 1. Differences in motivational factors by participation status
group. Notes: Significance indicates significant differences in proba-
bility of selecting given motivational factor across participation status
categories: ***p <.001, **p < .01, *p < .05.

The multiple enthusiasts have diverse motivations.
The majority of multiple enthusiast volunteers identified
5-7 motivations. This group can be characterized by the
highest proportion female (76.3%), the highest propor-
tion in the oldest age groups, the lowest proportion not
employed (75%), the highest proportion with no college
degree (37.5%), the highest proportion single (47.5%),
and the highest proportion with excellent subjective health
(21.3%).

The fun seekers identified 2—4 motivations with all
of them considering having fun as a motivation for
participating in research. This group can be characterized
by being the least diverse (only 3.2% Black or Hispanic),
the highest proportion working full-time (16.3%), and the
highest proportion college educated (80.5%).

The characteristics of the clusters are provided in
Supplementary Table 2. Detailed motivation characteristics
of different subgroups are shown in Supplementary Figures
1 and 2 and Supplementary Table 1.

Differences Across Clusters

To identify differences across the clusters, we conducted
multinomial logistic regression models, predicting selec-
tion into the clusters based on our key variables of interest.
The largest cluster served as the reference group (Cluster
2, “research helpers”). Previous research participation, age,
work status, and cognitive difficulties score differentiated
the classes. Specifically, relative to the “research helpers,”
being a previous research participant was associated
with a lower risk of being in Cluster 1 (“brain health
advocates,” RRR = 0.331; p <.001) or Cluster 3 (“multiple
enthusiasts,” RRR = 0.414, p < .01). In addition, relative
to the “research helpers,” those age 70-74 (RRR = 2.122,
p < .05) and those 75+ (RRR = 2.360; p < .05) of being in
Cluster 3 (“multiple enthusiasts”). Working part-time was
associated with lower probability of selecting into Cluster 4
(“fun seekers,” RRR = 0.211; p < .05). Those not employed

had a marginally significant negative association with being
in Cluster 3 (“multiple enthusiasts,” RRR = 0.421; p <.10).
Finally, relative to Cluster 2, higher cognitive difficulties
scores were associated with a higher risk of selecting into
Cluster 1 (“brain health advocates,” RRR = 1.252,p < .01)
or Class 2 (“research helpers,” RRR = 1.183; p < .05). To
show differences based on previous participation status,
Supplementary Figure 3 shows the probability of being
in a given cluster among previous participants relative
to their counterparts who have not yet participated in a
research study.

We further explored whether the association between
previous research participation and selection into clusters
was moderated by specific characteristics. We examined
the interaction between previous research participation
and each of our key characteristics. We found that only
gender (i.e., being female) significantly moderated the as-
sociation between previous participation and selection
into a given class. We calculated marginal effects for each
cluster by gender based on Model 2 in Table 2. Figure 2
shows no differences between previous and potential
participants among men except for the Cluster 4 (“fun
seekers”), whereby the fun seeker cluster includes a higher
proportion who are previous participants relative to po-
tential participants. On the other hand, differences across
the other three clusters is significant only among women.
Specifically, women in Cluster 1 (“brain health advocates”;
p < .001) and Cluster 3 (“multiple enthusiasts”; p < .035)
include a higher proportion who are potential participants,
and women in Cluster 2 (“research helpers”) include a
higher proportion who are previous participants (p <.001).
That is, selection into motivation cluster by participation
status is dependent on gender.

Discussion and Implications

The successful development of interventions for older
adults that have potential to bolster health and well-being
is dependent upon recruiting large and diverse samples of
older adult research volunteers. Although the field of aging
has made advances in identifying strategies to recruit older
adults, there are variations in the types of motivations that
may lead to more effective recruitment of certain groups
of older adults. The present study evaluated how altruistic,
personal growth/improvement, and immediate gratifica-
tion motivations are related to interest in participating in
research studies among a sample of community-dwelling
older adults. Based on a survey evaluating the factors that
would motivate them to participate in research studies, we
evaluated predictors of variations in motivation factors.
Specifically, our study was guided by three primary re-
search questions: (1) What factors predict identification of
altruistic-, personal growth/improvement-, or immediate
gratification-related motivations for potential participation
in research? (2) How does selection of different types of
motivations cluster together to identify types of potential
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Figure 2. Predicted probability of cluster selection among pre-
vious participants relative to potential participants by gender. Notes:
Significance indicates significant differences in probability of selecting
into given motivational cluster among previous participants based on
gender. Bars below zero indicate lower likelihood of selection into a
given cluster among previous participants (i.e., higher likelihood
among potential participants), and bars above 0 indicate higher likeli-
hood of selecting into a given cluster among previous participants (i.e.,
lower likelihood among potential participants). Significance indicates:
***p <.001, **p <.01, *p < .05.

older adult research participants? Our sample included
both individuals who already participated in aging research
and a sample of older adults who had agreed to consider
participating in research but had not yet participated. We
addressed our research questions using both groups, and
examined differences based on participation.

In terms of individual motivations, we describe key
findings and their potential implications for future study.
Our results show that altruistic volunteering is the most
common type of motivation indicated by older adult
volunteers, and no specific characteristics are uniquely as-
sociated with that motivation. That is, across the board,
altruistic motivations are likely to be generally enticing to
older research volunteers. The least common motivations
identified are learning technology and compensation;
however, both of these motivations are more likely to be
identified by potential participants relative to previous
participants. This suggests that although these factors are
not as salient for the average older research participant
who regularly participates in research studies, learning
technology and compensation may be key factors that en-
tice individuals who are open to research participation but
have not yet decided to participate. In addition, those with
less than a college degree are also motivated by these two
factors. As a result, studies that offer technology training
and adequate compensation may also entice older adults
from lower socioeconomic status groups to participate. The
remaining motivations are relatively common, and include
a mix of personal growth and immediate gratification, with
personal growth factors (i.e., mind and health) both signifi-
cantly more likely to be identified by potential participants
relative to previous participants. In addition to previous
participation, those over age 70 are also more likely to
indicate motivations to participate in studies that involve

learning new technologies and enhancing cognitive function
(i.e., “mind”). These findings suggest that certain groups of
older adults may be more likely to see research as a useful
way to improve their overall well-being. Interestingly, Ryan
and Campbell (2021) surveyed cognitive aging researchers’
perceptions of why older adults participate in research, and
these perceptions appear to be relatively well calibrated—
the most common motivations researchers endorsed were
“Cognitive Health” and “Further Science,” followed by
“Curiosity,” with relatively few researchers endorsing
“Money” as a major motivator for older adults. Assuming
their curiosity category is similar to our “novelty” category,
in general, researchers’ perceptions are similar to older
adults’ self-reported motivations in our study. Although
“Cognitive Health” defined by Ryan and Campbell (2021)
refers to the perception that older adults are motivated to
gain a sense of their own cognitive functioning, both studies
are aligned in that older adults have, and are perceived to
have, an interest in their own cognition.

In evaluating combinations of motivations, four clusters
were identified: brain health advocates, research helpers,
multiple enthusiasts, and fun seekers. In evaluating these
clusters, results suggest that age, work status, and the
cognitive difficulties score were most predictive of cluster
group. Overall, identification and evaluation of the four
motivation clusters suggests that older adults are not singu-
larly focused on altruism. In fact, there are different types
of factors that are likely to draw older adult volunteers,
and we should not assume that simply focusing on altruism
alone will capture all groups. Many older adults are drawn
to the immediate or delayed payoffs that research may pro-
vide to them personally, including longer-term benefits like
improvements in brain health or to the potential for im-
mediate enjoyment of participation. Analysis of the four
clusters showed that previous participation status was a
key feature of what motivated participation, but how pre-
vious participation shaped motivations differed by gender.
Previous participation was generally not a key factor
differentiating types of motivations for men, but was key
to whether women selected into particular clusters, with
potential female participants more likely to be drawn to
the brain health motivation cluster or to a mix of factors,
and previous participants having a primarily altruistic mo-
tivational profile.

These study results have important implications for those
conducting aging-related research. Challenges to recruiting
more diverse older adult research participants has long
been documented in the literature. Most research exploring
issues of recruitment have focused on the common barriers
to participation and have suggested recruitment strategies
for improving participation (Binda et al., 2018; McNeil
et al., 2016; Mody et al., 2008). Research has shown that
older adults are typically willing to participate in clinical
research when approached. However, recruitment for and
retention in psychosocial-behavioral research with older
adults pose its own set of challenges such as the relatively
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limited contact with study personnel in mediated behav-
ioral intervention studies. Therefore, personal motivations
play an important role in continued engagement in such
studies. Our study shows that older adults are not a ho-
mogenous group in terms of what motivates them to
participate in research and reveals interesting (and some
unexpected) differences among groups. Insights gained
from this study can provide specific guidance for the design
of motivational messaging that can be included in recruit-
ment materials as well as built into engagement strategies
for improving adherence. For instance, in studies seeking to
involve older women, it may make sense to emphasize any
potential benefits to physical or cognitive health, studies
seeking to identify respondents with lower socioeconomic
status might emphasize the compensation they will receive
by participating, and studies targeting older men who have
not previously participated in research may emphasize how
fun it will be to participate in a study.

Despite the novel contributions that this study offers,
there are several important limitations of this research
study that should be acknowledged in interpreting the
results. First, all individuals included in our study were al-
ready listed on a registry, so these older adults may be dif-
ferent from the larger population of older adults who may
not otherwise be willing to have their name on such a list.
In addition to the way our sample was selected, the sample
was also highly educated, ranked their health very highly,
and lacked racial diversity, which may not be reflective of
some populations of older adults who might be targeted for
health-related intervention studies. In addition, we used a
small incentive of only a chance of receiving a $50 gift card
to entice respondents to participate in our survey. This may
have biased our sample away from participants for whom
compensation is a major motivator. Future studies like
ours might manipulate compensation for participation to
examine how this affects the distribution of motivations
expressed. Given our observations, and previous research
(Sparrow et al., 2021) regarding access to resources among
those likely to be motivated by compensation, a careful
analysis should consider differences based on available re-
sources to account for socioeconomic status differences
that may explain whether and how much compensation
may affect participation. Many older adults have access to
more resources than do younger adults, and this could be
a key factor explaining differences in altruistic tendencies
based on age/life stage. Next, the set of motivations we
selected was based on predetermined factors and informed
our research needs rather than by older adult participants
themselves. A qualitative study might reveal different
factors not included on our list. Similarly, the language
that should be used to activate particular motivations was
not addressed in this study and may play an important role
in the success of recruitment and retention efforts. Future
studies will be needed to evaluate the effectiveness of dif-
ferent motivational messaging for participants who select
into particular motivational clusters to participate in a re-
search study. Finally, based on SST, we assume that the

motivations that we identify in this study are relevant to
older adults specifically given their shorter time horizons.
However, we do not include comparison groups who are
younger or middle-aged adults. As a result, it is not possible
to know whether our findings may also hold true in other
age groups. Future research should consider comparing
research motivations across multiple age groups to deter-
mine how older adults’ motivations differ from others, and
whether the findings we present here are unique to this
age group. Regardless of whether or not our findings are
specific to older adults, we believe that our results provide
valuable information for researchers trying to recruit older
adults in particular, consistent with principles of equity,
inclusivity, and the recent priorities of funding agencies.

In conclusion, it is important to recognize that in addi-
tion to acknowledging the more salient altruistic tendencies
of older research participants relative to their younger
counterparts, there are a variety of other important
motivations for participation in research that are impor-
tant to older adults. Understanding these motivations, and
targeting specific motivations, may prove useful in terms
of recruiting large, diverse samples, and developing moti-
vational messages to promote study adherence and reduce
dropout after the recruitment process.

Supplementary Material

Supplementary data are available at The Gerontologist online.
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